Department of Defense

Legacy Resource Management Program

PROJECT NUMBER 10-465

Modeling the Impact of Climate and
Anthropogenic Change on Birds and
Vegetation on Military Lands in California

John Wiens, Samuel Veloz, Christine Howell, and Dennis Jongsomijit

PRBO Conservation Science

July 2011

This document is unclassified and may be released to the public




Final Report, Project 10-465 2

Contents
g8 oo (1 Tod £ o] o OSSPSR 4
Military Installations in CaliforNia ... 7
Broadening the Array of Species Modeled ...........ccccccoeeiveirnne Error! Bookmark not defined.
The Modeling APPIrOaCH..........cooiiie e e ens 11
Projected Changes in Bird DiStribDULIONS..........ccoiiiiiiiiiiciese e 13
V1o T= v LA o] IO g = Lo USSR 14
Vegetation MEthOdS ........occviiiiiiiiiiecieee et ettt et ebeesseeebeessseesbeessseenseas 14
Projected Changes in VEETAtION .........cccuieiiieiierieeiieiie et esieeeveeeteeebeeseeeebeessaeesseesseesnsaessneans 15
REGIONAI CANGES ... eoiieie ettt et e e e e re e te et e aneesaeeaeeneesteenaeaneenneens 20
Regional Analysis MEthOds .........cc.iiiiiiiiiiiiieiiee ettt 21
RESULILS ..ttt ettt et e e e bt e s sbeebeessbeesbeeesbeenteesnbeenseaenbeenbeennseans 23
Environmental CIUSLETS .......c.ceiiiiiiiiiiiieiie ettt et seae e 23
Bird CommUNity CIUSTEIS .......eeiuiiiiieiieeiieiie ettt et ettt et e seaeeteesaaeebeessaeenseenaeeenne 29
Assessing Changes in Environment and Bird COmMmMUNITIES ..........ccoovviiieieienininiceeeeen 35
Methods — Environmental SPace ........c.ccoiiiiiiiiriiiiiiiiiiicectcecee e 35
Results — Environmental SPace...........coouiiiiiiiiiiiiinieieiicetcsieeeeeseee ettt 35
Methods — Bird Community Changes............ccoeeveriiiiiiiinieniiiiereeieetesie e 36
Results — Bird Community Changes ...........cocueviiriirieniiiiiieneeeseeseee ettt 37
Community Change and Climate Change...........ocoiiiiiiiieee e 41
1\ 111 1 a1 (PSSR 41
RESUILS ...ttt et e e st e e s teeeesteeessbae e saeeensaeensaeeenseeeenreeennnes 41
ChangiNg Land USE........couiiiiiiiieiieeeie ettt e b e beeneesseenbeeneenreas 43
1\ 111 1 a1 (PSSR 43
INStallation RESUILS ....cc.uviiiiiiiciie ettt et e et e e e eeeaseeeareeeeans 44
Ecore@ional RESUILS........cccuiiiiiiiiiciiicieeeeee ettt ettt ebaesaaeesbeessaesnnaens 49
Assessing Species Vulnerability Rating SYStemS........cccoovviieiiic i 52
IMIEEROMS ...ttt ettt ettt et e et e et e e e aa e e beeesbeessaeesseesbeaesbeensaeesbeenseeesseenseennseans 52

RESUILS ..ot 52



Final Report, Project 10-465

Implications for Environmental Management on DoD Installations............cccccccccevvveivinne.

R B I C S .ttt nan



Final Report, Project 10-465 4

Introduction

Global climate change is projected to have major impacts on the environment. These changes
will alter the distributions of plant and animal species and affect the environment of military
installations, potentially eroding their capacity to support the military mission and creating new
challenges to the management of species and ecosystems. Climate change and anthropogenic
effects on areas surrounding military installations may change land uses and increase the threat
of encroachment. Managing installations to ensure the long-term sustainability of the military
mission and the effectiveness of natural-resource management will require an understanding of
what changes the future may hold.

Despite their uncertainties, models are the most effective way to peer into the future.
Sophisticated species-distribution modeling algorithms (SDMs), in conjunction with downscaled
future climate projections from global climate models (GCMs), have allowed ecologists to
analyze how changes in climate and vegetation over the coming decades are likely to affect the
distribution and occurrence of species (e.g., Loarie et al. 2008, Stralberg et al. 2009). Such model
analyses indicate not only which species may be most vulnerable to climate change, but where
the shifts in distribution and greatest changes in community composition are likely to occur.

Although climate models differ in their projections of whether areas in California are likely to
become wetter or drier, they agree that temperatures in many parts of the state will become much
hotter (Snyder and Sloan 2005, Cayan et al. 2008). In our previous work (Stralberg et al. 2009,
Wiens et al. 2009) we used two GCMs coupled with two SDMs to predict changes by 2070 in
the distributions of 60 focal landbird species across California at an 800-m scale of resolution.
Our analyses indicated that distributions of many bird species are likely to undergo major shifts.
Because species will respond to climate change independently of one another, the distributional
shifts will differ among species, leading to “re-shuffling” of current bird assemblages and
creating future combinations of co-occurring species that have no contemporary analogs
anywhere in California. Some parts of the state will gain in overall species richness (as
represented by the number of focal species predicted to occur in an area), whereas most areas
will suffer losses in species richness.

Importantly, our projections indicated that reductions in occurrences of these representative bird
species are likely to be much greater on lands administered by the Department of Defense (DoD)
than for any other public land-ownership entity in California (Fig. 1). DoD lands in California
are also projected to have a greater proportion of future “no-analog” bird assemblages (45%)
relative to the projected state average (33%; Fig. 2) and also more no-analog assemblages
relative to some of the other federal land holders such as USDA Forest Service and National
Park Service. Moreover, all five focal bird-species habitat groups are projected to suffer losses in
species richness on DoD lands (Fig. 3).
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Figure 1. DoD lands show the largest predicted decrease in bird species richness among six Federal
agencies in California including Bureau of Reclamation (BOR), USDA Fish and Wildlife Service
(USFWS), Bureau of Land Management (BLM), National Park Service (NPS), and the US Forest
Service.
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Figure 2. The proportion of areas containing “no-analog” bird assemblages in the future — combinations
of species that have no contemporary counterpart in California — are projected to be greater on lands
administered by several Federal agencies (including DoD) than for the state as a whole. Bars indicate + 1
standard deviation.
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Figure 3. All major avian habitat groups are predicted to suffer losses in bird species on DoD lands in
California, with the greatest reductions occurring for birds that utilize scrub-chaparral habitats.

These results suggest that, if birds are any indication, DoD lands may be especially vulnerable to
the effects of climate change. Thus, the changes we document for birds are likely to be
harbingers of more profound and far-reaching changes in the environments of these military
lands. Accordingly, the purpose of the work summarized in this report has been to delve more
deeply into how climate change, together with projected changes in land use, may affect the
distributions of California bird species in relation to military lands in the state. We build on our
previous work with focal bird species (Wiens et al. 2009, Stralberg et al. 2009) to include bird
species that are of particular management concern: species listed under the Federal and
California Endangered Species Acts and other Bird Species of Special Concern (Shuford and
Gardali 2008). Our specific objectives in this project have been to extend our analysis of climate-
change impacts on DoD lands in California to:

¢ Include a broader array of species, emphasizing threatened, endangered, and at-
risk species (TER-S) and species of special concern, and summarize projected
distributional changes for these species;

e Assess changes in broad vegetation types;

e Evaluate how changes vary regionally and among installations;

e Determine the effects of changes in land use (housing development) on bird
distributions in areas surrounding installations;

e Test the effectiveness of assessments of species vulnerability to climate change;
and

e Summarize the findings that may help to inform forward-looking environmental
management on DoD installations.
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Military Installations in California

We conducted analyses for 39 active military installations or lands in California (Table 1, Fig.
4)'. We selected all military parcels in California and then removed any military lands on islands
(our predictions do not extend to islands), military lands closed due to base realignment and
closure (BRAC), and all military lands less than 130 ha in size. The latter modification removed
33 isolated land parcels that primarily consisted of housing units. The resulting list of bases
consisted of 39 land parcels ranging in size from NAWS China Lake (449,115 ha) to Defense
Fuel Support Point San Pedro (136 ha). In a few cases we were not able to generate predictions
for one small military land parcel along the Pacific coast (NB San Diego, Naval Station) because
of the resolution or geographic extent of our data. For the analysis of land use surrounding
military lands we combined separate land parcels if they were adjoining or within 5 km of a
much larger base (i.e., MCAS Miramar). Military lands adjacent to San Diego Bay were
combined because of their relatively small size and proximity to each other (Fig. 4), resulting in
a total of 29 bases (Table 1).

Most of our analyses aggregated DoD installations over the entire state or in defined subsections
of the state (see below). In several instances, however, we considered selected “focal
installations” for more detailed, base-level analyses. These installations were selected because
they represented a range of environments or ecoregions in the state and/or because we had
exchanged information with base personnel during the development of this project. These focal
installations were: Beale AFB; Chocolate Mountain Air Gunnery Range; NAWS China Lake;
NTC and Fort Irwin; Sierra Army Depot; MTC-H Camp Roberts; ITC Camp San Luis Obispo,
Fort Hunter Liggett; NCAS Miramar (combined in the analysis with NB San Diego, Mission
Gorge and Murphy Canyon); MCB Camp Pendleton; NWS Seal Beach Detachment Fallbrook
(attached to Camp Pendleton and analyzed together); NB Coronado, RTS Warner Springs;
Travis AFB; and Vandenberg AFB.

! We derived this list from the following shapefile:

MILITARY INSTALLATIONS RANGES TRAINING AREAS PT.shp, which was accessed on 1 March 2011
from the following website:
http://www.data.gov/catalog/geodata/category/0/agency/0/filter/military%?20installations/sort//page/1/count/10, with
corrections from Tiffany Shepherd.
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Figure 4. Locations of DoD installations in California (bases on islands and parcels <130 ha are not

included). Lower inset shows bases in the San Diego region.
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Table 1. California military installations used in this analysis, their area (ha) and the ecoregion in which
the majority of the installation was found. Base ID was used to identify installations that were grouped
together because of spatial proximity in the Changing Landuse analyses.

Military branch ~ Site name Area (ha) Base Ecoregion
ID
Army Reserve  Fort Hunter Liggett 65600 7 Central west
AF Active Vandenberg AFB 40315 29 Central west
Army Guard MTC-H Camp Roberts 17244 14 Central west
Army Guard ITC Camp San Luis Obispo 2300 8 Central west
Army Active Presidio Of Monterey 162 25 Central west
Army Active Sierra Army Depot 12104 27 Great basin
Navy Active NAWS China Lake 449115 20 Mojave desert
Army Active NTC and Fort Irwin 305677 21 Mojave desert
MC Active MCAGCC Twentynine Palms 241902 9 Mojave desert
AF Active Edwards AFB 124761 5 Mojave desert
MC Active MCLB Barstow Nebo Area 1498 12 Mojave desert
MC Active MCLB Barstow Yermo Area 684 13 Mojave desert
AF Active Beale AFB 9367 1 Sacramento valley
AF Active Travis AFB 2053 28 Sacramento valley
Navy Active Dixon Radio Transmitter Facility = 526 19 Sacramento valley
Navy Active NAS Lemoore 7429 16 San Joaquin valley
Navy Active NWS Seal Beach Det Concord 2144 23 San Joaquin valley
Army Active Defense Distribution Region West 291 3 San Joaquin valley
Sharpe Site
Army Active Defense Distribution Region West 185 4 San Joaquin valley
Tracy
MC Active Choc Mt Air Gnry Rng 186329 2 Sonoran desert
Navy Active NAF El Centro 1083 15 Sonoran desert
MC Active MCB Camp Pendleton 51430 11 Southwest
MC Active MCAS Miramar 9138 10 Southwest
Navy Active NWS Seal Beach Detachment 3607 11 Southwest
Fallbrook
Navy Active NB Coronado, RTS Warner 2467 17 Southwest
Springs
Navy Active NWS Seal Beach 1959 22 Southwest
Navy Active Ventura County, NAS Point 1759 18 Southwest
Mugu
Navy Active NB Coronado, NAS North Island 1111 6 Southwest
AF Reserve March ARB 872 16 Southwest
Navy Active NB Ventura County, Port 653 24 Southwest
Hueneme
Navy Active NB Coronado, NOLF Imperial 487 6 Southwest
Beach
Navy Active NB Point Loma, Subbase 473 6 Southwest
Navy Active NB San Diego, Naval Station 278 6 Southwest
Navy Active NB San Diego, Murphy Canyon 275 10 Southwest
Navy Active NB Coronado, Naval Amphibious 272 6 Southwest

Base
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Military branch ~ Site name Area (ha) Base Ecoregion
ID

Navy Active NB Coronado, Silver Strand 222 6 Southwest
Training Complex

Navy Active NB San Diego, Mission Gorge 181 10 Southwest

MC Active MCRD San Diego 172 6 Southwest

Navy Active Defense Fuel Support Point San 136 26 Southwest
Pedro

Broadening the Array of Species Modeled

In our initial modeling of climate change and species distributions, we considered 60 focal bird
species recognized by Partners in Flight as representative of the major habitat types in California
(Chase and Geupel 2005, Stralberg et al. 2009). Model analyses for these species were the
foundation for the results shown in Figure 1. We restricted our analyses to the breeding season,
when habitat associations of the species may be most clear. Therefore, we only included records
of migratory species if they were encountered at more than one survey within a season for a
given survey route and we excluded records of migratory species from desert areas of southern
California if they are not known to breed there.

For this project, we included focal species, but we greatly expanded the array of bird species to
include breeding-season species that are listed as threatened or endangered under the U.S.
Endangered Species Act and the State of California Endangered Species Act or are considered to
be Bird Species of Special Concern (Shuford and Gardali 2008). We used current breeding-
season distributional information obtained from (1) PRBO Conservation Science (PRBO) and
partners for 1993-2007 (http://www.prbo.org/cadc/); (2) USDA Forest Service Pacific
Southwest Research Station Redwood Sciences Laboratory (RSL) and Klamath Bird
Observatory (KBO) for 1992-2006; (3) the North American Breeding Bird Survey (BBS) for
1997-2006; and (4) Cornell Laboratory of Ornithology eBird database downloaded from the
Avian Knowledge Network (http://www.avianknowledge.net) where locational accuracy was
known within a 5-km radius. Breeding-season records were further filtered using breeding-
season range maps to ensure that migratory records were not included in the models (Zeiner et al.
1988-1990, Shuford and Gardali 2008). In all, 202 species were included in our analysis. The list
of species is included in Appendix 1. We also have added the additional species to an interactive
website where maps of both current and future distribution models can be viewed as well as the
projections for future climate and vegetation (http://data.prbo.org/cadc/tools/ccweb2/).

Our focus in this report is on distributional changes associated with climate change and land-use
change that affect the overall species richness of bird communities and the occurrence of groups
of species associated with major habitat types on military lands in California. We do not report
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the results of analyses of distributional changes for each of the 202 species we modeled, although
these results are summarized in Appendix 1, where we report the percent change between current
and future modeled mean probability of occurrence for each species across California and on
DoD installations within California.

The Modeling Approach

Species-distribution modeling (SDM) involves using data on current distributions of species,
coupled with information on current climate and vegetation, to develop correlative models that
may then be applied to future climate and vegetation distributions to project how species will
respond. For our modeling approach, we use bird-distribution data from a variety of sources (see
above) collected at 23,064 locations in California, in conjunction with a distribution-modeling
algorithm, maximum entropy (Maxent 3.2.1; Phillips and Dudik 2008), to project current and
future bird distributions at an 800-m pixel resolution. We used the Maxent algorithm because
many of our records were “presence-only” data that only recorded whether a species was present,
but not whether it was absent. Maxent has excellent predictive performance for presence-only
modeling (Elith et al. 2006).

Current climate data were based on 30-year (1971-2000) monthly climate normals interpolated at
an 800 m grid resolution by the PRISM group (Daly et al. 1994). From the monthly temperature
and precipitation grids, we produced 19 standard bioclimatic variables (Nix 1986;
www.worldclim.org/bioclim.htm), but reduced these to 8§ variables by removing complex
variables that were derived using both temperature and precipitation, and then removing highly
correlated variables (r > 0.90). Predictor variables selected for modeling were:

1. Annual mean temperature, calculated as the 12-month average of mean monthly
temperature,

2. Mean diurnal temperature range, calculated from the 12-month average of the
difference between mean maximum and mean minimum temperature for each month,

3. Isothermality, calculated as the ratio of mean diurnal temperature range to the annual
temperature range (maximum temperature of the warmest month - minimum temperature of the
coldest month),

4. Temperature seasonality, calculated as the 12-month standard deviation of mean
monthly temperature,

5. Mean temperature of warmest quarter, calculated as the average temperature of the
warmest 3-month period,

6. Annual precipitation, the 12-month total of mean monthly precipitation,

7. Precipitation seasonality, calculated as the 12-month coefficient of variation of mean
monthly precipitation, and

8. Precipitation of driest quarter, calculated as the average precipitation for the driest 3
month period.
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To improve the capacity of the SDMs to project changes in habitat relevant to birds, we included
vegetation distribution as an input to the models. Current and future vegetation were modeled for
12 vegetation classes based on observed relations with climate, solar radiation, soil, and
topography (see Vegetation Changes section).

The performance of the SDMs was tested using the area under the curve (AUC) of receiver
operating characteristic (ROC) plots, which test the ability of the model to discriminate between
true presence locations of a bird against all other locations that were sampled (Fielding and Bell
1997). An AUC score of 1 indicates perfect discrimination and a score of 0.5 indicates
discrimination no better than random. In general, AUC scores between 0.7 and 0.8 are
considered fair to good. AUC scores above 0.9 are considered excellent (Swets 1988). For each
species a cross-validated mean AUC was calculated. The occurrence points were divided into 10
equal-sized groups and 10 successive models were run using 9 of the groups and predictions
were made to the 1 withheld group to calculate a predictive AUC. A final cross-validated mean
AUC was calculated from the AUC from all 10 models.

Future climate conditions were summarized using projections from a regional climate model
(RCM), RegCM3 at a 30-km resolution (Pal et al. 2007), with emissions trajectories taken from
the Intergovernmental Panel on Climate Change (IPCC) SRES A2 scenario and boundary
conditions based on output from two GCMs. The GCMs used were (1) the National Center for
Atmospheric Research (NCAR) Community Climate System Model (CCSM3.0), an atmosphere-
ocean global climate model (AOGCM) run from 1870-2099, and (2) the Geophysical Fluid
Dynamics Laboratory (GFDL) GCM CM2.1, an AOGCM run from 1860-2099. The CCSM-
based scenario projects temperature increases of 1-3 °C on a monthly basis and large decreases
in precipitation for California, relative to a 1968—1999 base period. The GFDL-based scenario
projects temperature increases of 2—5 °C on a monthly basis and small decreases in precipitation.

For the CCSM boundary conditions, the RCM was run from 2038-2069; for the GFDL boundary
conditions, the run was 2038-2070. For these time periods, monthly temperature and
precipitation outputs were averaged across years to obtain one set of monthly values for the
current and future time windows. The 30-km resolution RCM results were then statistically

downscaled to a 800-m resolution using change values relative to the 800-m PRISM grid
(Stralberg et al. 2009, Wiens et al. 2009).

The modeling and analysis methods we used to examine vegetation changes, regional changes in
bird communities and climate, changing land use, and assessments of species’ vulnerabilities are
described in the appropriate sections below.
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Projected Changes in Bird Distributions

The mean percent change between current and future probability of occurrence for all species
modeled was -11.98% and -13.32% for the CCSM and GFDL future climate models,
respectively (Fig. 5). However, the average decrease was much greater on DoD installations,
with our models projecting a -34.15% and -28.69% change (CCSM and GFDL, respectively)
(Fig. 5). Individual species are projected to have varied response to climate change (Appendix
1). For example, reflecting the results for all species, the California endangered Western Yellow-
Billed Cuckoo is projected to decrease by -6.2% across the state while the decrease on DoD
lands is projected to be -29.35% (based on the CCSM projections). On the other hand, some
species that are projected to have declining probabilities of occurrence throughout the state, such
as Hermit Thrush and Ruby-crowned Kinglet, are projected to have an increased probability of
occurrence on DoD lands, indicating a potential for future conservation action. In other
situations, projected declines in the probability of occurrence on DoD lands may be mitigated by
increases in other parts of the state. This is exemplified by the Acorn Woodpecker, which is
projected to decline by -53.59% on DoD lands but to increase by 4.17% across the state (based
on GFDL future climate models).
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-40.00%

B CCSM CA
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Figure 5. The percent change between the current and future mean probability of occurrence across
California (CA) and across Department of Defense Installations (DOD) in California based on Maxent
species distribution models for 202 species of birds using two future climate projections. Future climate
projections used the National Center for Atmospheric Research Community Climate System Model 3.0
(CCSM) and the Geophysical Fluid Dynamics Laboratory Coupled Climate Model (GFDL). Error bars
indicate + 1 standard error.

For many species, future changes in projected distributions are highly sensitive to which future
climate model is used. For example, the San Diego Cactus Wren is projected to increase its
statewide probability of occurrence by 227.27% (99.14% on DoD lands) based on the CCSM
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models, whereas models based on the GFDL projections predict almost no suitable habitat for
the species (-88.96% decline statewide, -94.09% decline on DoD lands). Some of the uncertainty
in these model projections can be attributed to the extreme values of precipitation seasonality in
southwest California projected by the GFDL model, which are beyond the range of historical
values (1971-2000). The GFDL scenario also projects a warmer future than the CCSM scenario,
which likely drives some of the contrasts in species projections between the two scenarios. The
future projections for many of the species that occur primarily in this region (San Diego, Orange,
and Los Angeles counties), such as the California Gnatcatcher, are also sensitive to which future-
climate model is used.

Vegetation Changes

Vegetation Methods

To assess climate-related changes in major vegetation types, we used comparisons of current and
future vegetation projections (using 2030-2070 climate to project vegetation change) modeled by
Stralberg et al. (2009) based on the California Gap Analysis vegetation layer (Davis et al. 1998).
These maps used 12 classes of broad vegetation groupings aggregated from the California
Wildlife Habitat Relationship types (Table 2; Mayer and Laudenslayer 1988).

Table 2. General vegetation types used to project climate-related vegetation changes. Vegetation types
from Mayer and Laudenslayer 1988.

Class California Wildlife Habitat Relationships vegetation types

Annual Grassland (AGS), Perennial Grassland (PGS)

Blue Oak Woodland (BOW), Blue Oak-Foothill Pine (BOP)

Desert Scrub (DSC), Alkali Desert Scrub (ASC), Desert Succulent Shrub (DSS)
Eastside Pine (EPN), Juniper (JUN), Pifion-Juniper (PJN)

Mixed Chaparral (MCH), Chamise-Redshank Chaparral (CRC), Coastal Scrub (CSC)
Montane Hardwood-Conifer (MHC), Douglas Fir (DFR)

Montane Hardwood (MHW), Coastal Oak Woodland (COW)

Ponderosa Pine (PPN), Klamath Mixed Conifer (KMC)

Redwood (RWD), Closed-Cone Pine Cypress (CPC)

Red Fir (RFR), Lodgepole Pine (LPN), Subalpine Conifer (SCN)

Sagebrush (SGB), Bitterbrush (BBR), Low Sage (LSG)

Sierran Mixed Conifer (SMC), White Fir (WFR), Jeffrey Pine (JPN)
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We excluded developed and agricultural categories from our vegetation model, as well as
aquatic, wetland, riparian, and non-vegetated categories that were thought to be driven more by
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proximity to water sources or were not directly climate-associated. From a 10-km grid of points
across the state, we removed those grid points that fell in an excluded vegetation type and used
the resulting sample (n = 9,752 grid points) to develop vegetation-classification models using the
Random Forest algorithm (Breiman 2001), which has consistently performed well in predicting
the distributions of individual species (Lawler et al. 2006, Prasad et al. 2006). We used the
randomForest package for R (R Development Core Team 2010), building 500 classification trees
with three randomly sampled candidate variables evaluated at each split. Classification trees are
nonparametric, hierarchical models that consist of a set of decision rules on the predictor
variables, which recursively partition the data based on binary splits. The Random Forest
algorithm was designed to produce accurate predictions that do not overfit the data (Breiman
2001). It develops multiple feasible models, which are then averaged to produce a more robust
prediction.

As inputs to the vegetation models we used the same eight derived bioclimatic variables as for
the bird distributions, as well as three soil variables, solar radiation, and two topographic
variables (see Wiens et al. 2009 for additional details). The resulting set of models was used to
develop model-averaged vegetation predictions for the future time periods based on the CCSM
and GFDL climate scenarios. Soil and topographic variables were assumed to remain unchanged
in the future period. For consistency with the current vegetation layer, predicted future
vegetation was augmented with the current urban and agricultural land-cover types that were not
modeled. As a proxy for riparian vegetation, models included Euclidean distance to nearest
stream.

To examine projected changes in vegetation at each military installation, we used (1) the
projected change in area, calculated as (Future area — Current area) and (2) the percent change in
the area of a vegetation type relative to current conditions, calculated as [(Future area - Current
area) / Current area]. Projections were made for each climate scenario (GFDL and CCSM).

Projected Changes in Vegetation

Based on our vegetation models for current and future conditions we calculated the area and
relative percent of vegetation categories associated with military lands in California. The current
vegetation on the majority (74.0%) of military bases was classified as desert scrub, followed by
chaparral/coastal scrub (6.1%), grassland (4.8%), desert wash (4.4%), barren (3.6%), urban
(1.8%), eastside pine/pifion pine/juniper (1.7%), and blue oak/foothill pine (1.4%). Field
agriculture, valley oak woodland, montane hardwood, and valley foothill riparian each composed
0.3-0.7% of the total military lands. Orchard/vineyard, redwood/closed-cone pine,
sagebrush/bitterbrush/low sage, montane riparian, lacustrine, estuarine, saline emergent wetland,
and riverine each comprised <0.1% of the total military lands in California.

We examined future vegetation communities based on the CCSM and GFDL scenarios and
calculated the change in area and percent change relative to current conditions. Both scenarios
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showed an increase in desert scrub habitat, a reduction in blue oak/foothill pine, and loss of all or
almost all of eastside pine/pifion pine/juniper, redwood/closed-cone pine, and montane hardwood
vegetation types on military installations in California (Fig. 6). The CCSM scenario projected a
large increase in grassland habitat and a large decrease in chaparral/coastal scrub, whereas the
GFDL scenario projected a small decrease in grassland and a small increase in chaparral/coastal
scrub on military lands.

grassland
desert scrub
chaparral / coastal scrub

bl k / foothill pi
ue oak / foothill pine GFDL

sagebrush / bitterbrush /...
H CCSM
eastside pine / pinyon pine...
redwood / closed-cone pine

montane hardwood

I T L

-100% -50% 0% 50% 100%

Figure 6. Projected percent change (relative to current) in area of vegetation categories on military bases
in California based on two future climate scenarios (GFDL and CCSM).

We then examined which individual bases are projected to experience vegetation shifts due to
climate change. Of the 41 bases we considered, only 13 are projected to experience some type of
change in their vegetation composition (based on the vegetation classification system that we
used) under at least one of the two future-climate scenarios we considered (Table 3). Based on at
least one of the climate scenarios, eight installations are projected to experience major changes
that affect over 27% of the vegetation. Five other bases are projected to experience moderate to
minor changes in vegetation affecting 11.6% or less of the vegetation on that base.
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Table 3. Percent change in vegetation composition due to climate change under two future climate
scenarios. Bases are sorted by decreasing size.

% Veg % Veg

Area change change
Installation (ha) (GFDL) (CCSM)
NAWS China Lake 449115 3.9% 0.0%
NTC and Fort Irwin 305677 2.3% 0.0%
MCAGCC Twentynine Palms 241902 0.0% 0.0%
Choc Mt Air Gnry Rng 186329 11.6% 11.4%
Edwards AFB 124761 0.0% 0.0%
Fort Hunter Liggett 65600 36.7%  41.8%
MCB Camp Pendleton 51430 35.7%  36.1%
Vandenberg AFB 40315  23.0%  27.1%
MTC-H Camp Roberts 17244  39.7%  39.7%
Sierra Army Depot 12104 1.7% 1.4%
Beale AFB 9367 2.2% 0.0%
MCAS Miramar 9138 2.8% 51.7%
NAS Lemoore 7429 0.0% 0.0%
NWS Seal Beach Detachment Fallbrook 3607 34.5%  37.2%
NB Coronado, RTS Warner Springs 2467 42.9% 16.2%
ITC Camp San Luis Obispo 2300 20.6%  33.3%
NWS Seal Beach Det Concord 2144 0.0% 0.0%
Travis AFB 2053 0.0% 0.0%
NWS Seal Beach 1959 0.0% 0.0%
NB Ventura County, NAS Point Mugu 1759 0.0% 0.0%
MCLB Barstow Nebo Area 1498 0.0% 0.0%
NB Coronado, NAS North Island 1111 0.0% 0.0%
NAF El Centro 1083 0.0% 0.0%
March ARB 872 0.0% 0.0%
MCLB Barstow Yermo Area 684 0.0% 0.0%
NB Ventura County, Port Hueneme 653 0.0% 0.0%
Dixon Radio Transmitter Facility 526 0.0% 0.0%
NB Coronado, NOLF Imperial Beach 487 0.0% 0.0%
NB Point Loma, Subase 473 0.0% 0.0%
Defense Distribution Region West
Sharpe Site 291 0.0% 0.0%
NB San Diego, Naval Station 278 0.0% 0.0%
NB San Diego, Murphy Canyon 275 0.0% 0.0%

NB Coronado, Naval Amphibious Base 272 0.0% 0.0%
NB Coronado, Silver Strand Training

Complex 222 0.0% 0.0%
Defense Distribution Region West Tracy 185 0.0% 0.0%
NB San Diego, Mission Gorge 181 0.0% 0.0%
MCRD San Diego 172 0.0% 0.0%
Presidio Of Monterey 162 0.0% 0.0%

Defense Fuel Support Point San Pedro 136 0.0% 0.0%
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Vegetation Change

| | GFDL+CCSM change
| | GFDL change
I CCSM change

"] No change

Figure 7. Locations of projected vegetation change under two future climate change projections. Eight
installations are projected to have the greatest changes in vegetation. The inset on the upper right shows
the Central Coast region with four bases projected to have the largest vegetation changes due to climate
change in California. The inset on the lower right shows the San Diego region with the four remaining
bases projected to have the largest vegetation changes due to climate change in California.

Many of the military bases in California are located in the desert, where relatively few changes
in vegetation are predicted by both future climate scenarios that we considered (Fig. 7).
Individual bases vary in the amount of vegetation cover that is projected to change (Table 3) and
there is also variation between the two climate scenarios in terms of how individual bases will be
affected. Eight military bases (NB Coronado, RTS Warner Springs; MTC=H Camp Roberts; Fort
Hunter Liggett; Camp Pendleton; NWS Seal Beach Detachment Fallbrook; Vandenberg AFB’;
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NCAS Miramar; and ITC Camp San Luis Obispo) are projected to experience vegetation
changes over 20.6-42.9% of their area under GFDL and 16.2-41.8% under CCSM. The largest
disparity between future scenarios was at Miramar, which is projected to have 51.7% of
vegetation change under CCSM but only 2.8% under the GFDL scenario.

For those eight bases where the greatest changes in vegetation are projected to occur, four are in
the San Diego region and the other four are along the Central Coast (Fig. 7 insets). The
vegetation communities that are projected to change on those eight bases include grassland, blue
oak/foothill pine, chaparral, montane hardwood, and redwood/closed-cone pine (Table 4a). For
the five bases for which moderate to minor vegetation changes are projected, the affected
vegetation communities include grassland, desert scrub, blue oak/foothill pine, chaparral,
sagebrush/bitterbrush/low sage, and eastside pine/pinon pine/juniper (Table 4b).

Table 4a. Changes in vegetation communities relative to current vegetation for eight bases showing
overall vegetation shifts of at least 27% for at least one climate scenario.

chaparral redwood /
blue oak / / coastal | montane closed-cone

Installation Scenario | grassland | foothill pine | scrub hardwood | pine
Camp Roberts | ccsm 74.5% -100.0% -100.0% | -100.0% 0.0%

gfdl 74.5% -100.0% -100.0% | -100.0% 0.0%
San Luis ccsm 55.6% -100.0% -100.0% | 0.0% 0.0%
Obispo gfdl 16.7% -100.0% -100.0% | 0.0% 0.0%
Hunter ccsm 259.1% | -87.3% -100.0% | 870.6% 0.0%
Liggett gfdl 141.6% | -50.6% -100.0% | 1079.4% 0.0%
Miramar ccsm 2333.3% | 0.0% -100.0% | 0.0% 0.0%

gfdl -33.3% 0.0% -100.0% | 0.0% 0.0%
Pendleton ccsm 76.3% 0.0% -99.8% 957.7% 0.0%

gfdl -62.0% 0.0% -100.0% | 2265.4% 0.0%
Fallbrook ccsm -63.2% 0.0% -100.0% | 0.0% 0.0%

gfdl -100.0% | 0.0% -100.0% | 0.0% 0.0%
RTS Warner
Springs ccsm 0.0% 0.0% -84.8% 766.7% 0.0%

gfdl 0.0% 0.0% -97.0% 566.7% 0.0%
Vandenberg ccsm 126.0% | 0.0% -100.0% | 1018.2% -100.0%

gfdl 103.9% | 0.0% -100.0% | 1145.5% -100.0%
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Table 4b. Changes in vegetation communities relative to current vegetation for five bases showing overall

moderate to minor vegetation shifts of 11.6% or less for at least one climate scenario.

eastside
blue pine /
oak / pinyon chaparral | sagebrush /
foothil | desert | pine/ / coastal | bitterbrush /
Installation Scenario | grassland I pine | scrub juniper scrub low sage
22.38
Choc. Mtns ccsm -100.00% | 0% % 0% -100.00% | 0%
22.38
gfdl -100.00% | 0% % 0% -100.00% | 0%
NAWS China | ccsm 0% 0% 4.68% | -100.00% | 0% 0%
Lake gfdl 0% 0% 4.14% | -88.37% | 0% 0%
Beale AFB ccsm 0% 0% 0% 0% 0%
gfdl -2.68% >100% 0% 0% 0%
NTC and Fort | ccsm 0% 0% 2.63% | -100.00% | 0% 0%
Irwin gfdl 0% 0% 2.63% | -100.00% | 0% 0%
Sierra Depot ccsm 0% 0% 0.54% | 0% 0% -100.00%
gfdl 0% 0% 0% 0% 0% 0%

Regional Changes

Although the species distribution modeling that is the foundation of our analyses is conducted at
an 800-m scale of resolution, applying the modeling results to assess what might happen in the
future in a specific 800-m cell is not warranted. The difficulty comes from the fact that there are
uncertainties associated with all steps of the modeling process, from the spatial resolution of the
climate or bird-distribution data that go into the model through the various manipulations of the
data that go on during the modeling process. These uncertainties compound and magnify as the
scale of resolution becomes finer and finer [Thuiller (2004), Lawler et al. (2006), and Wiens et
al. (2009) discuss these uncertainties in greater detail]. For this reason, projections for individual
military installations, particularly small ones (as most are; Table 1) should be considered as
approximations rather than precise.

There are two potential solutions to this problem. One is to coarsen the scale of resolution of the
modeling, so that projections are made at a scale of, say, tens or hundreds of km?. This may be
appropriate if one is interested in changes over very broad regions (e.g., continental United
States; Lawler et al. 2009), but it entails a loss of information about what might happen at the
finer scales at which environmental management is usually applied. A second approach is to
group locations together, not by simply coarsening the scale to larger blocks of contiguous
geographic space but by assessing the environmental or biological characteristics that places
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share, regardless of their locations in geographical space. Various approaches can be taken to
achieve such groupings; in this project we have used biogeographical analyses (ecoregions) and
statistical clustering algorithms.

Regional Analysis Methods

Because California is a large and topographically diverse state, environments and their
associated biotas vary geographically. At a broad, regional scale, however, there are common,
shared patterns in environments and biodiversity. Additionally, conservation planning is
typically done at, or in the context of, ecologically defined regions. These regions (“ecoregions”
Shuford and Gardali 2008) contain characteristic, geographically distinct assemblages of natural
communities and species (Fig. 8). Ecoregions are widely used for conservation planning and
management at broad, regional scales. We assigned military installations in California to
ecoregions on the basis of where the majority of the area occurred (Table 1).

Great Basin

Cascade Range”

Figure 8. California ecoregion boundaries and names used to group bases. Bases are shown as outlines
with hatch markings. See Figure 4 for individual base names. Ecoregion boundaries are based on Shuford
and Gardali (2008).

We used two methods to evaluate regional changes in environment and bird communities in
California. First, we used a kmeans clustering algorithm (Hartigan and Wong 1979) to classify
sites into groups based on similarities in current and future environment and in current and future
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bird communities. This analysis placed DoD installations into clusters defined by environmental
conditions and bird communities across California. In the second method we used hierarchical
clustering to create clusters using only the environmental conditions or projected bird
communities that coincide with DoD installations. The hierarchical clusters group DoD
installations based on shared characteristics but ignore the conditions that occur outside of DoD
lands.

The two clustering methods are methodologically distinct and produce complementary results.
Kmeans algorithms are attractive for creating cluster maps across broad spatial scales as they are
computationally efficient and produce discrete classifications of the landscape. Hierarchical
clustering algorithms are much more computationally intensive and cannot be performed using
all of the 800-m grid data from the state. However, hierarchical methods have the benefit of
producing coarse- to fine-scale clusters so that the clusters can be assessed at different levels of
similarity.

Kmeans clustering works by classifying multivariate data into a predefined number of clusters
(Hartigan and Wong 1979). Points in multivariate space are assigned to the cluster based on a
minimization of the distance between points and cluster centroids. Because we were interested in
defining relatively broad regions of California environmental space and bird communities, we
chose to create 15 clusters in all of our kmeans cluster analyses. We created maps of clusters of
environmental space and clusters of California bird communities. The maps of environmental
clusters were generated by applying the clustering algorithm to the same maps of the current and
future environmental conditions as were used for our distributional modeling, but excluding land
cover. All environmental variables were normalized to account for unit differences among
variables. Maps of bird clusters were created using maps of the predicted distributions of 202
bird species for current climate and two future-climate simulations across the state of California.
We then summarized the resulting cluster maps by calculating the percent area of a DoD
installation that is projected to be covered by one or another of the clusters derived from the
kmeans analysis. We then grouped DoD installations by the clusters that comprise the majority
of the area of the installation (Tables 5 and 6).

Hierarchichal clusters are formed by initially placing each DoD installation into its own group.
DoD installations are then grouped together based on a dissimilarity matrix calculated from the
Euclidean distances of the environmental or bird-community data. Groups are formed based on
minimization of the distances around a group centroid. Groups are hierarchically formed so that
earlier groups are subsets of later groups. The process continues until all installations are joined
in one group. As with the kmeans clustering, the environmental data were normalized so that all
variables had the same units. The spatial mean and standard deviation of each environmental
variable and each projected bird-species distribution were calculated for each DoD installation so
that clusters would be based on the average conditions at an installation while also accounting
for spatial variation.
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Results

Environmental Clusters

The hierarchical clustering for current environmental conditions resulted in five main clusters of
installations. Installations along the south coast of California, particularly those in San Diego
County, formed a distinct cluster that included NWS Seal Beach and MCRD San Diego (Fig.
9a). A second cluster was comprised of inland bases, including installations bordering the Coast
Range and the Central Valley such as Travis AFB and MTC-H Camp Roberts. The hierarchical
method also identified a second cluster of coastal installations, more central-coast focused, that
mostly included bases north of San Diego such as Vandenberg AFB, but also included slightly
inland bases like Fort Hunter Liggett. Surprisingly, two clusters containing installations located
in desert areas were identified. These two desert clusters were fairly dissimilar, separating at the
highest break point (Fig. 9a). One desert cluster contained bases with relatively less topographic
heterogeneity and included Edwards AFB the MCLB Barstow installations. The other desert
cluster contained some of the larger desert installations that contain a great deal of topographic
heterogeneity, such as NAWS China Lake, Chocolate Mountain Air Gunnery Range, MCAGCC
Twentynine Palms, and Fort Irwin (Fig. 9a). The hierarchical models for future environmental
conditions were generally similar to the current clusters, with some installations moving into new
clusters but overall patterns remaining much the same (Figs. 9b and 9c). Notable changes in
future clusters included the addition of Central Valley installations such as Defense Distribution
Region West Tracy and NAS Lemoore into the desert cluster that included Edwards AFB for the
CSSM climate model (Fig. 9¢). Similarly, NB Coronado, RTS Warner Springs moved from the
central coast cluster to the same desert cluster containing Edwards AFB for the GFDL climate
models (Fig. 9b).

In general, the kmeans clusters grouped the DOD installations into coarse groups reflective of
the fact that the clusters were determined by conditions across the entire state. Out of the 15
clusters created across the state, only nine clusters covered the majority of DoD installations
(Table 5 and Fig. 10). The largest cluster included almost all coastal bases for current and both
future climate scenarios (Table 5, Fig. 10). The coastal cluster mentioned above and a cluster
comprised of installations located in or near coastal mountains (March ARB, MTC-H Camp
Roberts, NB Coronado, RTS Warner Springs, and Fort Hunter Liggett), were both stable across
time with almost no changes in the composition of these clusters, despite the changes in climate
within them (Table 5). This suggests that managers of installations that are included in the same
clusters should be able to share management approaches now and into the future. Some
installations are found in different clusters in each of the three climate analyses (Table 5). For
example, Beale AFB is clustered with coastal and slightly inland bases based on current climate,
inland/Central Valley bases for the GFDL climate models, and desert bases for the CCSM
models.
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c)

Figure 9. Dendrogram of environmental clusters based on (a) topographic and soils data and climate data
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from 1971-2000, (b) the GFDL model for 2038-2070, and (c) the CCSM model for 2038-2069. Each DoD

installation was overlain on maps of the environmental variables and the mean and standard deviation of
environmental conditions of each variable were calculated and used to determine the clusters. Clusters

were formed based on a distance matrix of Euclidean distances and used the Ward method for linkage.
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Table 5. The kmeans environmental clusters that covered the largest proportion of area of select DOD
installations within California are given, with the proportion of the base area covered by the given cluster

indicated within parentheses. The colors correspond to the clusters in Figure 10. A change in color

between current and future climate conditions indicates where bases will be part of a new regional climate

in the future.

DOD installation name

Defense Distribution Region West Tracy
NAS Lemoore

Beale AFB

NB Coronado, Naval Amphibious Base
Dixon Radio Transmitter Facility

Travis AFB

NWS Seal Beach Det Concord

Sierra Army Depot

NAF EI Centro

MCAGCC Twentynine Palms

Choc Mt Air Gnry Rng

NAWS China Lake

MCLB Barstow Yermo Area

NTC and Fort Irwin

MCLB Barstow Nebo Area

Defense Distribution Region West Sharpe Site
Edwards AFB

March ARB

MTC-H Camp Roberts

NB Coronado, RTS Warner Springs
Fort Hunter Liggett

MCAS Miramar

MCRD San Diego

NB Coronado, NOLF Imperial Beach
NB Coronado, NAS North Island

NB Coronado, Silver Strand Training Complex
NB Ventura County, NAS Point Mugu
NB Point Loma, Subase

NB San Diego, Mission Gorge

NB San Diego, Murphy Canyon

NWS Seal Beach

NWS Seal Beach Detachment Fallbrook
NB Ventura County, Port Hueneme
Presidio Of Monterey

Defense Fuel Support Point San Pedro
Vandenberg AFB

ITC Camp San Luis Obispo

MCB Camp Pendleton

2070 2070
2010 (GFDL) (CCSM)

13(60%

13(44%)

6(100%)
6(41%)

13(39%) 10(83%)
9(100%)  10(100%)  5(100%)
9(100%)  10(100%)  5(100%)
9(58%)  10(75%) 5(89%)
977%)  10(80%) 5(81%)




Final Report, Project 10-465 28

A
a b

Figure 10. Kmeans clusters of environmental conditions based on (a) current (1971-2000) climate and (b)
future climate (2038-2070) based on (A) the GFDL general circulation model, and (B) the CCSM general
circulation model. Colors indicate regions within each map that have similar climate conditions within the
given time period. Colors occurring in (a) and not (b) are clusters which disappear in the future, colors
appearing in (b) and not (a) indicate novel clusters.
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Bird Community Clusters

Based on the hierarchical bird-community models, DoD installations in California can be
clustered into two main groups, one including desert installations (including Sierra Army Depot)
and the other composed of all other bases. In general, the clustering patterns are similar to the
environmental clusters, with the hierarchical bird-community analysis identifying three main
clusters; the desert cluster mentioned above, a south-coast cluster (March ARB to NB Coronado,
NOLF Imperial Beach, Fig. 11a), and a cluster comprised of a mix of coastal and inland coastal
installations (NAS Lemoore to Fort Hunter Liggett, Fig. 11a).

The division between desert and non-desert clusters becomes less clear for models of future bird-
community clusters. For the CCSM model, the desert/non-desert distinction still largely defines
the clustering, although a new sub-group including NAS Lemoore to Defense Distribution
Region West Tracy (Fig. 11 b) is found to be more similar to the desert cluster than to the coastal
cluster it was found included within for the current bird clusters. For the GFDL model, desert
and non-desert installations are mixed across clusters (Fig. 11 ¢). The mixing of desert
installations with other clusters suggests that, in general, DoD installations across California are
likely to become more desert-like in terms of bird communities; this is not surprising, given the
warmer, dryer California that this model projects.

There are differences between the hierarchical models for current environmental conditions and
for current bird communities. As opposed to the environmental clusters, the model for birds
grouped all of the desert bases into a single cluster (El Centro to MCLB Barstow Nebo Area,
Fig. 11). Many of the other differences between the environmental and bird clusters are subtle,
involving single installations being placed in different clusters. For example, two central-coast
installations (Vandenberg AFB and ITC Camp San Luis Obispo) are found to be more similar to
each other in terms of bird communities than environmental conditions and were clustered with
more inland sites such as Travis AFB in the bird-community model.

General patterns from the kmeans clusters of bird communities are similar to the kmeans clusters
of environmental conditions. Again, only nine of the 15 clusters modeled included most DoD
installations. Clusters including coastal installations were the most stable across current climate
and future climate scenarios (Table 6). Interestingly, the bird-community cluster that includes the
majority of Chocolate Mountain Air Gunnery Range is projected to dominate cluster types for
desert installations based on the CCSM climate mode (Table 6). This pattern can be seen in
Figure 12Ba,b where the light pink color that dominates Chocolate Mountain Air Gunnery Range
in Figure 12Ba covers a large proportion of the other desert bases in projected future climate in
Figure 12Bb. For the GFDL climate projections a different pattern emerges where the red cluster
that dominates the MCLB Barstow installations for current bird-community distributions covers
a greater extent for future projections (Fig. 12Ba).
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Figure 11. Dendrogram of predicted probability of occurrence for 202 California landbird species based
on models using (a) climate data from 1971-2000, (b) the GFDL model for 2038-2070, and (c) the CCSM
model for 2038-2069. Each DoD installation was overlain on maps of predicted bird distributions and the

mean and standard deviation of the predicted probability of occurrence of each species were calculated
and used to determine the clusters. Clusters were formed based on a distance matrix of Euclidean

distances and used the Ward method for linkage.
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Table 6. The kmeans bird community clusters that covered the largest proportion of area of select DOD
installations within California are given, with the proportion of the base area covered by the given cluster
indicated within parentheses. The colors correspond to the clusters in Figure 12. A change in color
between current and future climate conditions indicates where bases are projected to have bird
communities comprised of species which come from a different regional species pool.

2010 2050 GFDL 2050 CCSM
DOD installation name (% area) (% area) (% area)
NAF El Centro 1(100) 8(100) 4(100)
Presidio Of Monterey 11(100) 14(100) 7(100)
Vandenberg AFB 11(100) 14(100) 7(100.00)
ITC Camp San Luis Obispo 11(88.89) 14(83.33) 7(97.22)
Beale AFB 12 (84) 12(81.33) 14(67.00)
Defense Distribution Region West Sharpe
Site 12(100) 10(100) 14(100)
Dixon Radio Transmitter Facility 12(100) 10(100) 14(100)
NB Ventura County, NAS Point Mugu 12(68.00) 6(100) 7(56.00)
NWS Seal Beach Det Concord 12(88.24) 14(73.53) 7(50.00)
Travis AFB 12(96.77) 10(54.84) 14(83.87)
Choc Mt Air Gnry Rng 14(88.29) 15(83.68) 3(48.64)
Sierra Army Depot 2(100) 7(100) 6(100.00)
MCAGCC Twentynine Palms 4(67.70) 5(79.21) 3(89.34)
NTC and Fort Irwin 4(71.71) 5(97.13) 3(65.91)
NAWS China Lake 4(73.32) 5(98.25) 3(49.19)
MCLB Barstow Yermo Area 4(81.82) 5(72.73) 3(100.00)
MCLB Barstow Nebo Area 4(90.48) 5(100) 3(100.00)
Edwards AFB 4(98.31) 5(98.93) 3(73.86)
Defense Distribution Region West Tracy 7(100) 2(100) 2(100)
NAS Lemoore 7(100) 2(100) 2(100)
NB Coronado, NAS North Island 7(64.29) 6(100) 1(100)
MTC-H Camp Roberts 8(88.02) 14(50.56) 14(89.89
Fort Hunter Liggett 8(89.01) 3(52.82) —
NB Coronado, RTS Warner Springs 8(97.22) 3(52.78)
NB Coronado, Naval Amphibious Base 9(100) 6(100) 1(100)
March ARB 9(100) 6(100) 1(92.31)
MCAS Miramar 9(100) 6(100) 1(100)
MCRD San Diego 9(100) 6(100) 1(100)
NB Coronado, NOLF Imperial Beach 9(100) 6(100) 1(100)
NB Coronado, Silver Strand Training
Complex 9(100) 6(100) 1(100)
NB San Diego, Mission Gorge 9(100) 6(100) 1(100)
NB San Diego, Murphy Canyon 9(100) 6(100) 1(100)
NWS Seal Beach 9(100) 6(100) 1(100)
NWS Seal Beach Detachment Fallbrook 9(100) 6(100) 1(100)
NB Ventura County, Port Hueneme 9(100) 6(100) 1(100)
Defense Fuel Support Point San Pedro 9(100) 6(100) 1(100)
NB Point Loma, Subase 9(50) 6(100) 1(100)

MCB Camp Pendleton 9(95.79) 6(93.85) 1(95.65)
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Figure 12. Kmeans clusters of bird community composition based on Maxent models of species
distributions under (a) current (1971-2000) climate and (b) future climate (2038-2070) based on (A) the
GFDL general circulation model, and (B) the CCSM general circulation model. Colors indicate regions
within each map that have similar bird community composition within the given time period. Colors
occurring in (a) and not (b) are clusters which disappear in the future, colors appearing in (b) and not (a)
indicate novel clusters.
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Assessing Changes in Environment and Bird Communities

Methods — Environmental Space

It is somewhat trivial to assess the change between current and projected future for any
individual climate parameter. However, the overall climate of an area includes measures of
temperature and precipitation as well changes in the seasonality of these variables and how the
variables interact with one another. To truly understand how much the climate is projected to
change in a given area it is useful to be able to condense these multivariate dimensions of
climate— which we term environmental space—into a single dimension. For this analysis we
included the same eight climate variables that were used to model bird-species distributions to
determine the magnitude of multivariate climate that is projected to change. To estimate the
magnitude of future climate change across California, we calculated the distance in
environmental space between current and future climate conditions. The magnitude of climate
change is calculated using the standardized Euclidean distance (SED) using the formula:

n 2
z : (b — akj)
k=1 kj

where 7 is the number of climate variables included in the analysis (here, n = 8), a is value of
climate variable & from the late 20th-century California dataset at grid cell j, b is the value of
climate for the future California climate projection at grid cell 7, and sy; is the standard deviation
of climate variable & based on the inter-annual variability of late 20th-century California climate
(Williams et al. 2007). The standardization is used to place all of the climate variables in the
same units and to place greater weight in areas with low inter-annual variability in climate. The
rationale for the temporal standardization is that in areas with low inter-annual variability, a
species would be faced with future climate conditions beyond the range to which it has become
adapted, based on recent climate. In areas with high inter-annual variability, however, a species
may be pre-adapted to future climate conditions if future climate change is not too great.

Results — Environmental Space

Maps of the standardized Euclidean distance (SED) indicate the magnitude of future climate
change relative to recent inter-annual climate variability. In general, the projections from the two
future climate models produced maps with similar patterns in future climate change (Fig. 13).
For example, both models project high levels of climate change in southeastern California,
particularly in desert areas such as Death Valley and the Sonoran desert (Fig. 13). DoD
installations in desert regions such as China Lake and Chocolate Mountain are projected to
experience high magnitude of climate change. Both models project low levels of climate change
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along the central and southern coast (Fig. 13). There are differences between the two models; for
example, the CCSM model projects moderate change along the north coast while the GFDL
model projects climate to be stable in this region (Fig. 13).

Climate Change GFDL A2 Climate Change CCSM A2

] poD installations [ ] DoD installations
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Figure 13. Maps of the magnitude of future climate change based on the GFDL and CCSM general
circulation models. The magnitude of change is measured using the standardized Euclidean distance;
warm colors indicate greater projected change from current climate.

Methods — Bird Community Changes

To summarize the changes in bird communities, we used maps of the predictions for 202 bird
species within California under current climate and the two future climate scenarios to calculate
an index of bird community turnover within each pixel between current and future climate. We
used the Bray-Curtis dissimilarity index (BC) as a measure of community turnover based on the
following equation:

P
_ j=1 |aij - ahjl
BCi,h - VP P
j=1Qij T Xj=1 anj

where similarity is based upon the predicted suitability for species a at grid cell i for late 20™-
century climate conditions and grid cell % for future climate predictions (Bray and Curtis 1957).
The index ranges from 0 to 1, where 0 means that communities are identical across time and 1
means that bird communities are completely different. The Bray-Curtis distance provides a
measure of species turnover between current and future conditions. We calculated the average
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Bray-Curtis distance value for each military base in order to rank the magnitude of the projected
species turnover. We also examined the relationship between turnover and the size of each
military base.

Results — Bird Community Changes

Maps of community turnover indicate that locations in the foothills of the Sierra Nevada
mountains though the north of the Central Valley will have the highest levels of community
change (Fig. 14). Although there is agreement in the projection of high turnover in the Sierra
Nevada for the two climate models used, the projected bird community differs between the two
climate models in other regions. For example, high dissimilarity is projected across a larger
region in the coast range of Sonoma and Mendocino counties under the CCSM model (Fig. 14).
Similarly, moderate bird community dissimilarity is projected for the San Diego coast by the
GFDL model whereas the same area is projected to have low dissimilarity under the CCSM
model (Fig. 14). In general, the areas of highest bird community turnover occur outside of DoD
lands, although some installations, such as NAWS China Lake, do have areas with moderately
high projected bird community turnover for both future climate models.

GFDL bird community dissimilarity CCSM bird community dissimilarity
Based on maxent projections Based on maxent projections

T Bray-Curtis dissimilarity 7 = A
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Figure 14. Maps of Bray-Curtis dissimilarity based on 202 bird species distribution models for current
and future climate. High values indicate greater changes in bird community composition.
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The mean turnover is related to the area of the military bases, with larger bases generally
showing greater maximum turnover (Table 7, Fig. 15). This result could be due to the species-
area relationship in which larger areas tend to have more species and therefore more opportunity
to have greater bird community turnover with future climate change. The result may also reflect
the fact that larger bases may contain greater topographic heterogeneity and as a result a greater

ran